This paper examines variations in wages for tourism and tourismassociated industries in the USA for the period [2004][2005][2006][2007][2008][2009]. It critically assesses the extent to which tourism and tourism-associated activities conform to their low-wage stereotype and finds this to be true in general, but not universally. It then considers the possibility that wages in US tourism and tourism-associated industries can be explained by observable characteristics of these industries. Recent research suggests that the use of wage data at the level of highly detailed occupations is an effective alternative to other ways of capturing underlying skill differences. Accordingly, data from the US Occupational Employment Statistics (OES) were used to provide this detail. The results strongly support the importance of difference in wages between occupations in understanding differences between industries. They also support the importance of a number of industry characteristics, including profitability, multi-factor productivity and demand growth. The paper also considers the relevance of an industry wage premium or discount for tourism and tourism-associated activities in the USA over the same period. It estimates an industry wage model separately for five individual occupations across all industries that employ for the occupation concerned. The analysis shows that workers in the two more highly paid occupations exhibit evidence of a tourism and tourism-associated discount but that workers in the three more lowly paid occupations exhibit a tourism and tourismassociated wage premium.
higher industry averages than the economy as a whole. The industries considered are not just those directly involved in providing services to consumers but also include those devoted to supporting them (such as services supporting air transportation). All those included are also included in the US Tourism and Travel Satellite Accounts (TTSA). Further details are provided below.
To the extent that the low skill, low wage representation is correct it may still not be an adequate view of wages in tourism and tourism-associated industries. For example, no matter how far skills in the workforce are increased some low skill workers will always remain. A sector that offers low skilled workers better paid opportunities than alternative industries would, therefore, still have some attraction. One of the objectives of this paper is to assess whether tourism and tourism-associated activities offer a wage premium or wage discount relative to other US industries employing workers in the same occupation. For reasons that are discussed later there are only a small number of occupations for which such analysis can be undertaken. Thrane (2008) notes the literature on the economics of tourism has tended to focus on demand -the analysis of tourists and their behaviour -rather than on the supply of tourism. Another objective of this paper is to contribute to the literature on supply issues in tourism and, in particular, those relating to wages. To this end the paper offers an analysis of industry wages for US tourism and tourism-associated activities over the period [2004] [2005] [2006] [2007] [2008] [2009] . The foundation of this approach is a fairly standard wage equation originating from Mincer (1974) , with developments from a number of subsequent authors. There are, however, a number of key differences from the traditional approach of this type, which sees the log of wages as related to experience and education as measures of the underlying skills. An alternative approach is to use highly detailed occupational categories to capture these skill effects. This is the approach adopted in this paper. The majority of previous studies such as Martins (2004) or Heyman et al (2007) use micro-level data based on surveys of individuals to estimate such relationships. To allow for occupational detail a different micro-level data set is required and this study uses the US Occupational Employment Statistics (OES).
Literature review
As noted before the supply-side of tourism has tended to be under researched. In particular, labour market aspects of tourism have not been covered extensively in the literature. There is however a small and growing body of research emerging on wages in tourism. Thrane (2008) is a notable example. He provides an analysis of wages in Norwegian tourism, finding differences between male and female wages and important roles for experience and socio-demographic variables in wage determination. Thrane (2010) , again using evidence from Norway, found evidence of 'sheepskin' effects (returns to a degree over and above the effects of additional years of education) on wages in the tourism industry. Lillo-Banuls and CasadoDiaz (2010) analysed private returns to education in Spanish tourism, finding little difference between tourism and the rest of the Spanish economy. Muñoz-Bullón (2009) examined differences in wages between male and female workers in Spain's tourism sector, finding that male workers were better paid. Campos-Soria et al (2009) provided estimates of the differences between male and female pay in the hospitality sector in Andalusia. Their paper also confirms a common and wider perception of tourism -that it is characterized by low wages. Marchante et al (2005) also consider wages in hotels and restaurants in Andalusia, providing estimates of the effects of educational mis-match. Barros and Santos (2009) provide comparative estimates of the effects of human and social capital upon the wages of hotel managers in Portugal. Delfim Santos and Varejão (2007) provide an empirical analysis of the tourism industry in Portugal, with particular emphasis on gender discrimination. They find tourism in Portugal to be both low paid and low skilled. Szivas et al (2003) analyse labour mobility in UK tourism, finding little significance in location effects. Choy (1995) addresses criticisms that employment in tourism is 'demeaning' (interpreted as low paid, low skilled employment) using data from tourism related sectors in Hawaii, finding a high level of job satisfaction in workers and wages which were sometimes low, sometimes not. Although not specifically related to wages in tourism the finding by Brent Ritchie et al (2010) that tourism in the USA has been adversely affected by the economic crisis of [2008] [2009] , suggests that such cyclical effects should also be borne in mind in the context of wages.
The literature on wages in tourism fits within two broader perspectives: the literature on tourism economics and the literature on labour economics. Inputoutput modelling has long been used for modelling the economic impact of tourism, including that on employment and wages -see Fletcher (1989) for a good discussion of this approach. Daniels et al (2004) extends input-output modelling to incorporate a decomposition of the effects on different occupational categories. Although this paper does not utilize input-output techniques it does share with Daniels et al (2004) an emphasis on occupational wages. Blake et al (2008) examine the effects of tourism on the Brazilian economy through three channels -prices, wages and government revenues -using a computable general equilibrium model. They find important effects of tourism on real wages which vary according to skill level, with semi-skilled and unskilled workers gaining the least.
The context of the US economy is, of course, very different from that of Brazil but some of the concerns about the potential benefits for the least advantaged workers are similar. There is a long tradition of studies of the pattern of specialization in international trade which show the US to be specialized in producing and exporting goods intensive in highly educated labour -see, for example, Maskus et al (1994) or Gould (2002) . A later and more spirited debate in both the labour economics and international trade literature has focused on the reasons for growing wage inequality in the USA and other countries. Machin (2008) provides a good overview of this literature.
Within labour economics the seminal empirical papers on inter-industry wage differentials have been those by Dickens and Katz (1987) and Krueger and Summers (1988) , who put forward the efficiency wage approach -see also Gibbons and Katz (1992) . In this approach firms pay higher wages for higher productivity workers. The dominant specification in this field is based upon that originally put forward by Mincer (1974) in which the log of wages is explained by variables such as education and experience. Studies of this type are typically undertaken using micro-level data, usually at the individual level and often with matched employer-employee data. These studies, almost without exception, tend to find that persistent differences in wages exist between industries. Recent examples include work by Du Caju et al (2011) which finds a link between wages and profits in Belgium, suggesting rent sharing effects of the type found in the USA by Blanchflower et al (1996) . Du Caju et al (2010) , using an approach based on extended Mincer equations find evidence for the effects of rent sharing on wages for a wider sample of European countries. Lundin and Yun (2009) , using matched employer-employee data for Sweden find effects of both technology and trade on inter-industry wage differences. Martins (2004) , using Portuguese data, finds evidence for the unobservable quality differences between workers as an explanation of inter-industry wage differences. Chen and Edin (2002) find evidence from Swedish blue collar workers that inter-industry wage differences are consistent with efficiency wage effects. Hibbs and Locking (2000) argue that a series of institutional factors may be an important reason for inter-industry wage differences. A closely related strand in the literature is the empirical analysis of foreign ownership wage premia, such as that presented by Heyman et al (2007) . They econometrically estimate a wage premium for a sample of Swedish firms using a regression equation with a dummy variable for foreign ownership and a set of firm level variables. Although this study uses industry and occupational rather than firm level data, the essence of the approach used in this paper is very similar. Girma and Gorg (2007) conduct a similar firm level analysis of the effects of foreign ownership on wages for a sample of UK firms.
Links between wages and productivity or technology measures within panels of workers have been explored in the labour economics literature for some time. Sicherman and Bartel (1999) find a link between various measures of technological progress, including two different productivity measures and wages. Although their findings support an observable link between technologically dynamic industries and high wages they also find evidence of unexplained (unobserved) differences between individuals. Total factor productivity measures in particular have continued to be used in recent studies of wages and wage differences. For example, Aiyar and Dalgaard (2005) find an empirical link between differences in wages between countries and differences in total factor productivity.
Two further influences on wage differences that have not been explored much in the literature are the effects of regional variations in wages and occupational variations. Several studies have found important variations between different regions within the same country, both in wages and in industry structure. One recent example is the study of the UK by Bernard et al (2008) in which they find important variations between regions of the UK in both relative wages and industry structure. To accommodate the possibility of regional wage variations within the US the analysis presented in this paper includes regional variables. Osburn (2000) , using the US Occupational Employment Statistics (OES) rather than matched individual data, finds that industry wage differences are generally uniform across different occupations in the USA. This paper uses the same database (OES). Table 1 presents annual wages by four-digit North American Industry Classification System (NAICS) industries for tourism and tourism-associated economic Table 1 confirm with regard to the USA what research has found in other countries. That is, tourism and tourism-associated activities are not universally low wage industries. A number of the 'industries' listedessentially air, rail and water transportation -had industry averages in 2009 in excess of the overall average for the US economy. Nonetheless, the majority of the tourism and tourism-associated sectors did exhibit industry average wages below the overall average. Indeed the industry with the lowest recorded average wage, limited service eating places, falls in the list of tourism and tourismassociated activities. The best simple characterization for the USA in 2009 is that tourism and tourism-associated sectors were, on balance, low paid but not universally so. The issue of whether tourism and tourism-associated industries are inherently 'low wage' is, therefore, worthy of further investigation.
Average wages in US tourism and tourism-associated industries

Model specification and data
Model specification and hypotheses
The basic model specification is an adaptation of the Mincer (1974) equation and related to the specification used by Abowd et al (2003) . That is, the log of wages at time t in industry j, and for occupation k, are related to a series of industry characteristics in the following way:
where w jkt is the annual wage for occupation k in industry j at time t, c is a constant, X kt a vector of industry variables and β the relevant coefficients, δ j a vector of coefficients capturing unobserved industry effects, θ. k a vector of coefficients capturing unobserved differences by occupation, η t a vector of time varying parameters and u jkt a disturbance term. In terms of panel estimators with more two sets of fixed effects this is, essentially, what Andrews et al (2006) refer to as the least squares dummy variable model. This model uses dummy variables to capture effects at the level of industry, occupation and time period that we cannot directly observe. Note that, if the variables X jkt provide an adequate representation of the effects of industry characteristics on wages the omission of the term to capture unobserved industry effects, δ j , should make little difference to the explanatory power of the model. This model, although clearly linked to other industry wage models, has important differences. First, it does not use data measured at the individual level, whether or not matched by employer and employee. The reasons for the choice of the OES dataset and, hence, a different model specification in this respect are set our below. Second, the traditional Mincer (1974) model uses variables such as experience or education. The model specification here focuses much more on industry variables. That is, the model seeks to explain wages in tourism and tourism-associated industries in terms of the characteristics of these industries and unobserved occupation and time effects.
The industry variables used comprise:
• age -the mean age of workers in industry j;
• ptr -the proportion of workers in industry j recorded as part-time;
• fem -the proportion of female workers in industry j;
• midw -the share of the Mid-West region in employment in industry j;
• south -the share of the South region in employment in industry j;
• west -the share of the West region in employment in industry j;
• mfpi -the index of multi-factor productivity for industry j;
• pre -gross operating surplus per full-time equivalent for industry j;
• qid -proportionate change in industry turnover relative to the previous year;
• exs -export to sales ratio for industry j;
• imp -import penetration (share of imports in total market j).
This basic model is applied in two different contexts. First, an analysis of wages in tourism and tourism-associated industries in the USA is conducted. This uses a sample of (NAICS four-digit) tourism and tourism-associated industries and seeks to identify how industry characteristics affect wages in these industries. Second, the model is applied to a different but related question: Is there a wage premium or discount associated with tourism and tourism-associated industries in the USA? To assess this requires a different version of the model. With respect to industries the sample needs to be extended to include other industries to allow systematic differences between tourism and tourism-associated and other industries to be captured. However, any accurate measurement of industry premia or discounts must, as far as possible, allow for a like-for-like comparison between industries with respect to occupation. For example, comparing average wages at the industry level between, say, software publishing and grocery stores involves comparing very different occupational characteristics. To avoid this is not easy to accomplish because very few occupations are employed in a wide variety of industries. The approach taken in this paper is to take a small number of precisely defined occupations such as 'accountant and auditors' and estimate an industry wage relationship for each individual occupation. Thus the model specified in Equation (1) loses the occupational dimension and becomes:
where variables and subscripts are as previously defined.
The core hypothesis to be tested by the model of tourism and tourismassociated industry wages (Equation (1)) is that there is a reasonable common explanation of the influence of industry characteristics on wages -that the model represents well industry wages within the sector. For consistency with earlier research we should expect industry wages to be positively correlated with the mean age, multi-factor productivity, gross operating surplus (rent sharing effects), sales growth and export to sales ratios. Likewise we should expect a negative correlation between industry wages and the share of both female and part-time workers and import penetration.
With respect to the estimation for single occupations across all industries the most important hypotheses concern the industry fixed effect parameters, which capture those unobserved industry effects not included in the model -the industry wage premium or discount. There are two closely related hypotheses involved. First, that after accounting for differences in occupational composition (by taking a single occupation) and industry characteristics a statistically significant 'unobserved' industry effect remains -an industry premium or discount. Second, for tourism to be an inherently low wage sector would require these fixed effects to be negative; that these unobserved industry effects are negative.
Data
Data on the following variables were taken from the US Current Population Survey for the period 2004 to 2009: the mean age of workers in industry j (age), the proportion of workers in industry j recorded as part-time (ptr), the proportion of female workers in industry j (fem) and the three regional employment variables (midw, south and west). Multi-factor productivity indices were taken from those published online by the US BLS. The following data were taken from on-line statistics published by the Bureau of Economic Analysis, US Department of Commerce: gross operating surplus per full-time equivalent (pre), proportionate change in industry turnover relative to the previous year (qid), export to sales ratios (exs) and import penetration (imp).
Data on annual wages were taken from the Occupational Employment Statistics (OES) database published by the US BLS. The OES is a micro-level database, based on a survey of 1.2 million establishments, that covers wages and employment for around 700 occupational categories and about 350 categories of industry, based on a sample of 1.2 million establishments. OES data are available from 1997 but changes in the classifications of both industries and occupations mean that a consistent time series is only available over much shorter periods. For this study a six-year period -2004 to 2009 -is used.
As Lane et al (2007) note, this means that the survey, in effect, covers in excess of 34 million individuals. This greatly exceeds both the number of individuals as well as the level of detail of occupations and industries identified in the Current Population Survey (CPS). In this sense it provides substantially more micro-level detail despite being based on establishment level rather than individual responses. As Osburn (2000) notes this makes the OES database of particular use where a high level of detail by occupation and industry is of value, such as inter-industry wage comparisons. In particular, Osburn (2000, p 35) comments: 'Recent studies suggest that data by detailed occupation and industry implicitly control well for differences in demographic characteristics such as age, education, and experience.' That is, although the OES data lack data on individual characteristics such as experience there exists a body of research that suggest that the additional detail on occupation and industry can more than compensate for this deficiency.
Although the OES data have been much less widely used as a source of micro-level data on wages and employment than the CPS data this partly reflects the more recent introduction of the OES database. Nonetheless, there is a reputable and growing literature in support of OES data in studies of a similar type to this. Abraham and Spletzer (2010) advance the case that occupational detail is an effective alternative to using age or education to capture underlying skills. They also provide a comparative analysis of OES and CPS data, finding that the CPS data tend to understate the returns to skills. Abraham and Spletzer (2010) use both OES and CPS data to analyse detailed changes in the structure of employment in the USA. Jones (2009) uses OES data to provide precise measurement of changes in wage equality. In conclusion, the OES database is a comparatively recent source of micro-level data, which has gained acceptance in the analysis of US wages and employment. Details of the sample of tourism and tourism-associated industries are included in Appendix 1. These were intended to, as far as possible, match those industries included in the US TTSA published by the Bureau of Economic Analysis, US Department of Commerce. That is, all of the industries in the sample are also included in the TTSA -see, for example, Table M in Zemanek (2012) . However, not all activities listed in the TTSA also appear in the sample. Industries producing personal consumption expenditures were excluded as not being either directly engaged or associated with tourism. The wholesale and retail sectors were also excluded from the sample due to problems of comparability with other sectors with respect to several industry variables. A few of the activities listed in the TTSA (toll roads, parking lots and garages) were also excluded due to missing data. Based on Zemanek (2012) these exclusions account for about 9% of direct employment in tourism industries.
Results for the sample of tourism and tourism-associated industries
The model specified by Equation (1) was estimated using three different points in the wage distribution for each industry-occupation cell -the mean, the 25th percentile and the 75th percentile. Cells (industry-occupation combinations) with no observed employment (or where employment is low as the observation is suppressed on confidentiality grounds) were excluded from the sample. To assess the contribution of different influences four versions of the model were estimated: (i) as specified by Equation (1); (ii) with fixed year effects (η t ) omitted; (iii) with fixed occupational effects (θ k ) excluded; (iv) with no fixed industry effects (δ j ).
Summary statistics on each specification are reported in Table 2 .
In terms of formal statistical inference the F-tests for each of the three restricted models reject the hypothesis that the fixed effects are jointly zero for any reasonable confidence level. For the purposes of this paper this means, in particular, that a single, common model for all tourism and tourism-associated industries (with no significant industry effects) can only be justified with a statistically significant loss in the explanatory power of the model. However, reference to the residual sum of squares and Akaike information criteria (AIC) Wage differentials and their determinants in US tourism statistics reported in Table 2 show that the loss in the explanatory power of the model is far less if either fixed year effects of fixed industry effects are excluded than if fixed occupational effects are omitted. That is, excluding either industry effects or year effects, although not justifiable on grounds of statistical significance, still leaves a model with substantial explanatory power. Excluding occupational effects does not. To avoid excessive detail the panel regression results are reported in full for two of the four specifications -the full model and the model with no industry fixed effects. Details of the other regressions are available from the author on request. The choice of the full model is a statistical one -the F-tests reported in Table 2 show all of the sets of restrictions tested to not be supported by the data. The choice of the model with no fixed industry effects is largely supported on economic grounds. A key objective of this paper is to try to establish 'representative' behaviour of tourism and tourism-associated activities in general. A single common specification for all tourism and tourism-associated industries is, therefore, of considerable interest. For this reason the specification with no fixed industry effects is included in Table 3 with the more general one. Table 3 shows that, although the model which includes unobserved (fixed) industry effects is statistically superior, it is harder to interpret. Comparatively few of the coefficients are statistically significant at 90% or better. These are the regional variables for the Midwest, the proportionate change in turnover, export to sales ratios and the intercept term.
From the results presented in Table 2 the model with no fixed industry effects is statistically inferior but still with considerable explanatory power. Within the set of models estimated this is the most representative of a common relationship for all tourism and tourism-associated industries in the USA. The results suggest the following effects of industry characteristics on wages in tourism and tourism-associated activities:
• a positive and statistically significant effect of the mean age on wages; • a statistically significant, positive effect of the proportion of part-time workers on wages, when evaluated at the mean and at the 75th percentile but not at the 25th percentile; • negative and statistically significant effects of the share of employment of each region outside the North East on wages; • a statistically significant positive effect of multi-factor productivity on industry wages; • a positive and statistically significant effect of profits in the previous year on wages, partially offset by a negative and statistically significant effect of profits in the current period; • a positive (statistically significant) effect of export to sales ratios on wages;
• no statistically significant effect of import penetration on either mean wages or at the 75th percentile.
These results support a number of the hypotheses put forward earlier with respect to the relationship between industry characteristics and wages. One key exception to this is that the results suggest a positive rather than a negative relationship between part-time working and wages. The model also finds a net rent sharing effect between profits and wages but with a somewhat complex structure -with a substantial positive effect from the previous year's profits, partially offset by a substantial negative effect from current profits. For the sample both the occupations and years were driven by data availability. The sample of tourism and tourism-associated industries, in contrast, needed to be chosen. It is recognized that there is considerable scope for disagreement with respect to an appropriate choice of sample -that other choices of sample with respect to industry could be argued to be well justified. The approach of this paper is to recognize that other choices could have been made and to conduct an informal analysis of the robustness of the estimates with respect to different possible choices of the sample of industries. Table 4 presents estimates of the specified model of wage determination for mean wages only using three different samples. Sample 1 is the standard sample as previously reported. Sample 2 excludes those industries supporting those directly in providing services to tourists and sample 3 excludes both these supporting industries plus rail and water transportation. Precise details are provided in Appendix 1.
The results of the informal robustness analysis show that excluding supporting industries (sample 2) from the base sample makes comparatively little difference to most parameter estimates and almost no difference to the main conclusions for the three-way fixed effect model. Comparisons between sample 1 and sample 2 for the two-way fixed effects model involve larger changes in parameters for a few variables but no changes of substance in the main findings.
The effects of dropping both support industries and rail and water transportation (sample 3) does have more effect on both parameter estimates and on the resulting conclusions. These changes are again more marked for the twoway fixed effect model than the three-way fixed effect specification. Essentially the same conclusions are reached for both sample 1 and sample 3 in the twoway fixed effect model for the majority of variables, including age (positive and statistically significant), the Midwest and West regional variables (both negative and significant), multifactor productivity (positive and significant), lagged profit and change in turnover (both positive and statistically significant). However, there are also important behavioural differences between sample 1 and sample 3, affecting in particular the variables capturing the effects of female workers, exports and imports. Taken overall the three-way fixed effect estimator yields reasonably robust results across all three samples and the two-way fixed effect model across both sample 1 and sample 2. The two-way fixed effect model is only partially robust with respect to the choice between sample 1 and sample 3.
Results for the individual occupations
The analysis presented in this section seeks to establish whether or not industry wage premia or discounts exist for tourism and tourism-associated industries in the USA. In this sense a wage 'premium' or 'discount' is defined in a manner similar to unobservable differences in workers in wage studies based on individual data. It is the unobserved (fixed) industry effect remaining after the effects of observable industry characteristics have been taken into account. To estimate such effects requires a different sample to that used to estimate a representative relationship for the tourism and tourism-associated sector. To identify differences from other industries it requires a sample drawn from all industries rather than just tourism and tourism-associated ones. An important reason for using the OES data was that it allows very specific occupational categories to be identified. This helps to reduce the risk that interindustry comparisons are really picking up wage differences between occupations rather than industries. For example, wage comparisons between a broad occupational category such as 'professionals' between, say, health services and education, is as likely to capture differences in earnings between doctors and teachers as between the two industries. However, simply using more detailed occupational categories is not sufficient to resolve all such difficulties. A further complication is that doctors are not typically employed in education and teachers not in health services. When occupations are specific to one or a few industries it will be inherently very difficult to separate 'industry' effects on average wages from differences between one occupation and another.
To overcome these difficulties the relationship between industry characteristics and wages was estimated at the level of an individual occupation for five specific occupations. Those occupations that are employed in more than trivial numbers in a large number of different industries are surprisingly few. The following occupations were selected as being employed in more than one half of the 351 industries in the dataset:
• accountants and auditors; • administrative services managers; • payroll clerks; • receptionist; • janitors and cleaners.
For each occupation the relationship specified in Equation (1) was estimated, with the exception that no fixed occupation effects were estimated since the data were for a single occupation. Note that industries for which there was no recorded employment for the particular occupation were excluded from the sample. This means that the sample and sample size differs between each occupation. The results are presented in Table 5 . The estimated industry fixed effects are reported for tourism and tourism-associated industries only. Blanks appear in the table for those tourism and tourism-associated industries for which there was no recoded employment of the particular occupation.
For accountants and auditors industry fixed effects are statistically significant for mean wages at 90% confidence or better for the great majority of tourism and tourism-associated industries (20 out of 26 industries). For the 25th and 75th percentiles industry fixed effects are also similarly significant in a majority of cases. Where the coefficients for accountants and auditors are statistically significant they are almost universally negative. That is, the results suggest an industry wage discount in most tourism and tourism-associated industries for accountants and auditors. After taking into account the industry characteristics specified by the model there is, typically, a statistically significant and negative effect on the wages of accountants and auditors in these industries.
The results for administrative services managers are comparable to those for accountants and auditors when wages are measured at the mean and at the 25th Note:
*** percentile for the relevant industry-occupation combinations. For mean wages industry effects for tourism and tourism-associated activities are statistically significant in 15 out of 22 cases and statistically significant in all 22 cases at the 25th percentile. For the wages of administrative services managers, measured at the mean and 25th percentile, these coefficients are universally negative, again suggesting a wage discount for tourism and tourism-associated industries. This pattern is not, however, repeated for wages measured at the 75th percentile. None of the fixed effects for tourism and tourism-associated industries are statistically significant when wages are measured at the 75th percentile. This suggests that, for administrative services managers, there is also a wage discount for tourism and tourism-associated activities but that this does not apply at the higher end of the wage distribution. Industry effects for the wages of payroll clerks are statistically significant at 90% or better for almost all of the relevant tourism and tourism-associated activities when measured at the mean and 25th and 75th percentiles. Where these effects are statistically significant they are universally positive. That is, the results for payroll clerks suggest tourism and tourism-associated industry wage premia. For receptionists the results are comparable. Industry fixed effects are statistically significant for almost all the tourism and tourism-associated activities covered and, where they are statistically significant, they are positive. Again this applies at the mean, 25th percentile and 75th percentile.
For the last occupational category covered -janitors and cleaners -tourism and tourism-associated industry fixed effects are statistically significant in a majority but far from all cases (16 out of 27 for mean wages). As with payroll clerks and receptionists where these effects are statistically significant they are positive. Although for janitors and cleaners it is less close to being a universal result the results do again suggest an industry wage premium for tourism and tourism-associated activities.
The results of this analysis suggest that an industry wage discount or premium for tourism and tourism-associated industries in the USA is meaningful. The analysis tries to minimize inherent difficulties in defining industry rather than occupational wage differences by taking data for individual, precisely defined occupations. It then uses a series of industry characteristics to explain these differences. The resulting industry fixed effects then pick up the influences of unobserved and unobservable industry characteristics -industry wage premia and discounts. It is difficult to draw systematic conclusions from a small number of occupations. The small number is not a matter of choice. There simply are not many occupations that are employed in a wide range of different industries. For the occupations that could be so identified the results suggest a tourism and tourism-associated discount for more highly paid occupations (accountants and administrative services managers) and a tourism and tourism-associated premium for more lowly paid occupations (payroll clerks, receptionists, janitors and cleaners).
Conclusion
Policy implications
The representation of tourism and associated industries as low skill and low wage activities is too much of a generalization to be useful for policy purposes.
Although many do, some of the relevant industries (Table 1) do not exhibit low industry average wages at all. In the growing literature on 'good jobs' these industries cannot universally be dismissed as providing only 'bad' jobs.
In the USA the issue of growing wage inequality has been well documented. Growing employment and wages for highly skilled workers does not suggest that a lack of growth in 'good' jobs is a particular problem. However, it is very unlikely that the workforce will ever be without workers lacking in significant skills. Since these seem to be the losers from the steady increase in wage inequality there is a case for making 'bad' jobs better. The research presented here suggests that, for a small selection of low skill occupations, tourism and tourism-associated industries offer an industry wage premium. That is, that they offer better opportunities for these occupations than the rest of the economy.
Research implications
The evidence for the USA is both familiar and clear -tourism and tourismassociated industries, on balance, pay markedly lower wages than other sectors of the economy. This is not a universal tendency. Some tourism and tourismassociated industries, mainly in transportation, exhibit higher than average industry wages. The majority of tourism and tourism-associated industries, particularly those in hospitality, do not.
For tourism and tourism-associated industries in the USA, most of the variation in wages by industry can be explained by industry characteristics and by differences in wages between one occupation and another. The findings of this paper emphasize the importance of differences in occupational wages in understanding industry wages in tourism and tourism-associated activities. These results also support the findings of earlier research by other authors that the use of detailed occupational data is an effective alternative to other, more widely used ways of capturing underlying skill differences. A number of industry characteristics are also important in understanding wages in tourism and tourism-associated industries. These include regional differences, the mean age of workers, export intensity, profitability and rent-sharing, multi-factor productivity and demand growth.
Although the results presented in this paper show that it is possible to explain much of the variation in wages in US tourism and tourism-associated industries, the concept of an industry wage premium or discount still remains a valid representation of unobserved and unobservable sources of differences in wages between tourism and tourism-associated activities and other industries. To identify such industry wage premia has a number of complexities. First, it requires the sample to be extended to include other industries. Second, it requires careful selection of the occupations involved because many occupations are specific to one or very few industries. The results for a small number of occupations, specifically selected for being employed in a large number of industries, are interesting. Estimates for (i) accountants and auditors and (ii) administrative services managers suggest a statistically significant wage discount for tourism and tourism-associated industries. Estimates for three more lowly paid occupations -payroll clerks, receptionists and janitors and cleaners -suggest the reverse. That is, for the small number of occupations considered and after taking observed industry characteristics into account, the lower paid occupations benefit from an industry wage premium but the higher paid occupations face a discount.
In this study industry wage premia were estimated only for a small number of occupations and future research could usefully extend this analysis to a wider sample. 'Tourism' is complicated to measure and it is particularly difficult to match information on tourism 'output' with data on potential wage determinants. As a result there is no single correct methodology or correct sample to address these issues. Further research using different samples and different approaches is needed.
